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The performance of existing UE methods is inconsistent and
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Calibration Coefficient

mainly deteriorates in RAG setup 4
aax = k1 - E(r1,7m2) + k2 - R(c,q,m1) + k3 - R(c, q,72)
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Manchester United Football Club is a professional football club ... changed - I I | | |
its name to Manchester United in 1902 and moved to its current stadium, T ——— e g e g s
Old Trafford, in 1910. T e o o e o O e
,.?,\ Question: What is the name of manchester Old Trafford Y
= united stadium? Wembley Stadium (¥X) Takeaways
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satisfying the axioms leads to performance improvements
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