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A  EXAMPLES OF DIALOGUE TYPES

Dialogue Type Example Dialogue

Task-Oriented (TOD) User: Book a restaurant in Orlando for 4 people.
System: What type of food and price range should I look for?
User: I'd like a moderately priced taiwanese restaurant.
System: I found a restaurant in the center of Orlando. They have availability at SPM
and 8:30PM.

Open-Domain (ODD) User 1: Hi there! Are you looking for someone to take care of your pet while you're
out of town?
User 2: Yes, 'm going on vacation for a week and I need someone to watch my cat.
User 1: That’s no problem at all! I love taking care of animals, and I have experience
with cats. I'll be happy to take care of your cat while you’re gone.
User 2: That sounds great. How much do you charge?

Information- User: I am interested to learn more about taiwanese cousine, it’s my favourite.
Seeking (IS) System: Of course! I can help with that. What would you like to know?
User: I really like the five spice powder. Can you tell me what it is made of, in what
proportions and what are common areas each gets cultivated?
System: Five-spice powder typically includes star anise, cloves, Chinese cinnamon
(cassia), Sichuan peppercorns, and fennel seeds. The exact proportions vary by region
and recipe, but a common blend might use equal parts of each, or slightly more star
anise and cinnamon for warmth and sweetness. In terms of cultivation, ..
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B EXAMPLES OF TASK-ORIENTED CONVERSATIONAL DATA GENERATION

A) Key terms in ToD B) Input: Schema
User: Book a restaurant in Orlando for 4 people. R
Restaurant Reservation
System: What type of food and price range should | look for? *RestaurantID *ReservationID Gustonter
. - . Name RestaurantID —_—
User: I'd like a moderately priced taiwanese restaurant. o . - CustomerID
Location C ID Name
____________________________ CuisineType Date
"user_intents": ["'BOOK_RESTAURANT"], . . ContactInfo
PriceRange Time Pref
"system_acts": [ Rating PartySize references
{ "slot": "price_range", Itype": "REQUEST"}, . q
{ "slot": "category", "type": "REQUEST" }], OpeningHours SpecialRequests
"useracts[ e mm e e e e e e e e e e e e e e - - — =
{"type™: "INEORM" ] C) Input: Ontology
"user_goal": [
"domain": "restaurant”, offers
"user_intent": ["'BOOK_RESTAURANT"],
: gl - . .l ” estaurant: Name, Location, Cuisine e, eservation: Date, Time, Party Size,
fFact’. inform . . R Name, Location, Cuisine Typ: R ion: Date, Time, Party Si
slot": "location”, value": "orlando"}, Price Range, Rating, Opening H Special R "
{"slot": "price_range",  "value": "moderately priced"}, rice Range, Rating, Opening Hours pecial Requests
{"slot": "category", "value": "taiwanese"}.
(:‘act": “request”, :
{"slot": "price_range"}, is made by
{"slot": "category"}, Customer: Name, Contact Information, Preferences
H
e
' (-.‘C‘a—c ! D) Input: Knowledge Graph
{"slot" -
{'sl ‘ e
ofers =
"belief_state™ [ ////" 1 Reservation
{“act”: “inform”, /,/ 12 Feb
t": "location”, "value": "orlando"}, §
: "price_range”,  "value": "moderately priced"}, e (time: 8PM, \
{"slot": "category", "value": "taiwanese"}. Gourmet party_size: 4, Customer
Bistro request: vegan} Francine
{location: NY, Smith
cuisine: French,
3 3 price: $$8, {contact: Francine's Street, 1245,
{"slot": "time"} rating: 5 stars, preferences: window table}
il opening: 6PM-11PM}

Fig. 1. This figure illustrates several aspects of a task-oriented dialogue (TOD): (A) key terms, slots, and associated values used in a
TOD dialogue; (B) an example entity—attribute schema for the task of restaurant table reservation; (C) an example ontology with
relational information for the same task; and (D) an example knowledge graph (KG) constructed for this task.

C EXAMPLES OF OPEN DOMAIN CONVERSATIONAL DATA GENERATION

Conversation Seed Conversation Sample
Experience type: Previous experience Supporter: Hello, what would you like to talk about?
Emotion type: Anxiety Seeker: | am having a lot of anxiety about quitting my current job. ltis too stressful but pays
Problem type: job crisis |:> well.
Situation: | hate my job but | am scared Supporter: What makes your job stressful for you?
to quit and seek a new career Seeker: | have to deal with many people in hard financial situations and it is upsetting.
P Supporter: Do you help your clients to make it to a better financial situation?

}'

Fig. 2. Conversation seed and the corresponding dialogue from the ESConv Dataset [3]. This dataset focuses on emotional support
conversations. The example shows a conversation seed that outlines the emotional problem and current situation of a support seeker.
The corresponding dialogue develops around the information provided in the seed.
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Conversation Seed Conversation Sample
P1’s Persona: P1: Hey, how are you?

P2: I'm good, just got back from ltaly.
P1: Oh, how was it?
P2: It was great, | love it there.

| love food and | love to eat.
| am a woman who loves fashion.
| love reality TV.

| prefer to watch comedies. P1: What did you eat?
| have hay fever. P2: Everything, | love Italian food.
E> P1: That sounds amazing, | need to go there sometime.

P2’s Persona: P2: Yeah, you should definitely go. It's a great place.
I've been to ltaly three times. P1: | also love fashion, do you fgllow any trend?
| graduated from Yale. P2: No, not really. | prefer classic styles.
I've read all of the books by Jodi Picoult. P1: That's cool, | like to watch reality TV.
I'm a big fan of books, and my favorite genre is fantasy. P2: Yeah, | don't really watch much TV. | prefer to read.
| have asthma and it makes it hard to breathe sometimes. P1: That's great, what do you like to read?

P P2: | like to read books, my favorite genre is fantasy.

a4 P1: That's great, | have hay fever so | can't really read outside.
P2: Yeah, | have asthma so it's hard for me to breathe sometimes.

Fig. 3. Examples of generated dialogue from PersonaChatGen [2] based on a conversation seed containing two user profiles. Utterances
in orange are directly related to Person 1, while those in magenta relate to Person 2.

D EXAMPLES OF INFORMATION SEEKING CONVERSATIONAL DATA GENERATION

Dialogue turns Dialogue flow Grounded Passage

a | need to change my address? Query Condition Forgetting to Update Address (A title of section) ...

) By statute , you must report a change of address to DMV
@ You need to report it to the DMV. Response Solution within ten days of moving. That is the case ...

- — Not Bringing Proper Documentation to DMV Office
[@ Is your license current? Query Condition (Afitle of section) ...

Sign up or log into MyDMV ...

i

& Yes, | just have to change the address. Response Negative

® ) K Understanding how Much Traffic Points Cost (A
[ e What if my insurance had lapsed? ]—) Query Condition title of section) ...
: § f DMV maintains a point system to track dangerous drivers.
[@ YS?JL;:)“eCriinesde and registration could be Response Solution Often , motorists convicted ...
L
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|

Fig. 4. Conversation Seed and Corresponding Dialogue from the Doc2Dial Dataset [1]. This dataset is dedicated to generating
conversations based on governmental documents. The displayed example features a conversation seed comprising a title, a document,
and a sequence of dialogue acts. In the corresponding conversation sample, each turn is labeled with a specific dialogue act.
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